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Introduction
The answer to the great question of the meaning of:

Life, the Universe, Everything?
is……………..

We know this because a highly intelligent 
computer spent 7.5 million years 
calculating the answer………..

Douglas Adams: Hitchers Guide to the Galaxy 



Introduction
This session is focused on using AI 
to access corporate knowledge 
efficiently – 
think of ‘lessons learned’

It will look at two aspects of AI 
using LLM

1.   Data quality     and

2.   Asking the right question

But first some context



World of AI
The AI universe is rapidly expanding 

This session will focus on one aspect only 
LLM: 

-  Large Language Models

-  Widely available ‘free’

-  Extensively used

I am not an AI expert

But have been using ChatGPT for the last 
year



World of AI
The problems with LLMs: 

They suck up all of the data from 
the ‘web’ and other places

They have no concept of quality 
- they match language patterns

LLM see repetition as good 
(including AI generated material)

The remember everything 
they’ve seen

They are built to always provide 
an answer (even if it is made up)
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Answer

Quality



World of AI
The problems with LLMs: 

The way a LLM works is an 
unknowable ‘black box’

Answers are always well crafted 
even if the content is rubbish

In summary when using LLM:

1. Data control is difficult 

2. Data processing is hidden

3. Good questions are vital to
     good answers

Data

Question

Answer

Quality



World of AI
How many errors can you find in this 
AI generated ‘cheat sheet’??????

6 months ago, this level of error was common 
in this type of AI generated graphic. 

But LLM models learn and more recently 
similar diagrams have been much improved. 



World of AI
When an organization builds its own 
AI tools the ways to prevent 
‘hallucinations’ are understood:

Only a few can be used in the public LLMs at 
either the free, or low-cost access levels. 



Benefits of LLMs
LLMs do not need structured documents – they look at small sections of text and patterns in 
the syntax of every document

How LLMs do this (for reading later): 

1. The text is split into tokens (small chunks of text). Tokens can be words, parts of words, punctuation, etc. Each token is then mapped 
to a number ID.

2. Each token is turned into a vector — a long list of numbers that represent meaning. Words with similar meanings have similar vectors. 
"Car" and "vehicle" end up numerically close. This allows the model to represent meaning mathematically. 

3. ChatGPT is based on a transformer architecture, which uses something called attention. Attention allows the model to
-  Look at all words in the document at once
-  Decide which words relate to which others
-  Weigh important parts more heavily.

4. The model doesn’t store a full structured map of the document like a database. Instead, it builds a contextual probability landscape:
-  Based on patterns it learned during training
-  Based on relationships inside the current document
-  Based on what you ask about it.
It predicts what ideas, summaries, answers, or explanations best fit the text .



Benefits of LLMs
LLMs can be trained by you – but they never completely forget their earlier training 

Good questions help get good answers – but any question will do to start, the LLM will train you

The conversations with a good LLM are almost ‘human’ – but don’t get sucked in, it is not intelligent

Your feedback to the LLM helps ongoing training – keep pushing for better answers

Remember LLMs do not:
-  Understand in a conscious way, or form beliefs
-  Remember your document unless memory is explicitly enabled
-  Verify truth unless prompted to analyze critically

Their function is to recognize patterns and predict coherent outputs based on training 

Note:  All of the statements in this section came from ChatGPT when I asked it to explain how it works



Benefits of LLMs
Imagine a hyper-advanced autocomplete system that:

- Has read billions of documents

- Understands patterns of meaning

- Can relate concepts across contexts

- And predicts the most coherent continuation

That’s essentially what’s happening — 
at a massive mathematical scale

The question I hope to answer in the time remaining is how to make LLMs work for you



Uses for LLMs
There are lots of random documents associated with projects, and 
project organisations, that need to be considered as a ‘set’

Some obvious examples:

1.  Lessons learned from multiple projects

2.  The full set of contract documents

3.  The set of files compiled for a claim

4.  Organisational policies and procedures for projects

Set up properly LLMs can absorb and collate all of the information
within a controlled set of documents and then use that data to 
answer your specific questions



Making LLMs Work for YOU
This presentation is based on ChatGPT (the tool I am using) there are other ‘free’ LLMs:
-  Claude
-  Perplexity
-  Gemini
-  Grok-3
-  DeepSeek.

Their free offerings and intended user group vary

You inevitably need a paid version to do anything
practical for a business

Documents uploaded to a paid solution do not get 
scanned into the mass of data used for ‘training’

But security is part of the black box – no guarantees



ChatGPT Case-Study
Requirements:

1.  Write answers to help  complete tender responses  based on specific company data

2.  Make company policies and work standards easily available to everyone in a highly regulated 
      environment with lots of precise requirements derived from Standards and Regulations

Solution:

ChatGPT ‘Teams licence’ allowing the creation of CustomGPT applications

-  Cost <$700 per year for 2 licences 

-  Anyone with a free ChatGPT and the correct URL can then access the CustomGPT applications

  

But things change frequently – this information is probably out of date……… 



ChatGPT Case-Study
System Design = 2 Apps:

1.  To write answers to help 
complete tender responses 
based on specific company data
- Based on uploaded documents

2.  To make company policies
and work standards easily
available to everyone in a highly
regulated environment with lots
of precise requirements 
- Based on accessing 100s of 
   system documents



ChatGPT Case-Study – Tenders GPT
ChatGPT works but you cannot see much – just ask questions………………..



ChatGPT Case-Study – Tenders GPT
The Teams Licence allows CustomGPTs to be built:



ChatGPT Case-Study – Tenders GPT



ChatGPT Case-Study – Tenders GPT
The ‘Instructions’ drive 
the application: 



ChatGPT Case-Study – Tenders GPT
The ‘Instructions’ drive 
the application: 



ChatGPT Case-Study – Tenders GPT
This App is based on specific uploaded 
documents: 

Maximum 20

Size can be ‘large’ 
(eg composite documents) 



ChatGPT Case-Study – Tenders GPT
Findings to date: 

1.  The process is slow – we don’t have exclusive memory

2.  But you do get a running commentary (read from the bottom up)

3.  The constraints seem to work at least 99% of the time

4.  The system seems to be learning what I want – my feedback
      trains the App.

5.  The App is training me to create better questions

6.  I know I need something to do while the App is processing 
     its answer

7.  The results are very usable



ChatGPT Case-Study – Tenders GPT
Findings to date: 

7.  The results are very 
      usable:
      (different question)

The biggest benefit – the 
App looks at all of the 
uploaded documents 
every time – it does not 
miss much!



ChatGPT Case-Study – ESS K-B
The knowledge base application is a different proposition.  There are 100s of document 
including Acts, Regulations, Awards, various guides and the internal IMS documents.

The solution is to synchronize the workspace with a Dropbox holding all of the relevant 
information.   

Then constrain the workspace to focus on the Dropbox 

Note:  ChatGPT can link to numerous different file stores – we selected Dropbox to quarantine
             the file set from other documentation. 



ChatGPT Case-Study – ESS K-B
There are three basic steps:

1.  Enable Dropbox within ChatGPT

2.  Allow files in Dropbox to be accessed by ChatGPT



ChatGPT Case-Study – ESS K-B
There are three basic steps:

3.  Set up the ‘rules’ within ChatGPT:

This assistant must ONLY answer using information retrieved from the Dropbox connector.

Do NOT use general model knowledge.

Do NOT infer or guess.

Do NOT use any information from internal instructions, memory, prior knowledge, or 
external sources.

If relevant information is NOT found in Dropbox, respond exactly with: ‘No Dropbox source 
found.’

NEVER answer with anything that is not explicitly retrieved from Dropbox.



ChatGPT Case-Study – ESS K-B
This part of the overall design is 
still work-in-progress.

-  More money may be needed
    to speed up processing
    (memory)

-  Deciding exactly what needs
    to be in the Dropbox 

-  Training the troops to use 
    the information 



Making LLMs Work for YOU
There are at least three distinct types of AI likely to become common around projects:

1.  AI enhancements to existing software systems (scheduling, design, safety, etc.)

2.  AI agents designed to automate routine processes (accounts, meeting minutes, 
      progress updates, etc.)

3.  Decision support and knowledge management systems (LLMs)

Smart management will look to adapt these to their organisations needs to help their people 
work better 



Closing Thoughts
As stated at the beginning – I’m not an AI expert but by asking ChatGPT the right questions the 
system has taught me enough to be dangerous………….. 

The rate of change is frightening –  every week or so there’s new options being delivered

LLMs put the whole of the world’s knowledge on your phone or screen BUT there is very little 
quality control

The key skills needed to start using AI effectively are:

1.  The ability to ask precise questions including follow-up questions that push the tools

2.  A keen appreciation of what does not look ‘right’ – hallucinations are real and can even
      go as far as faking references…….. 

3.  Proactive interest – there’s lots of new ‘stuff’ and opportunities most of which are overhyped 



Closing Thoughts
Here are some ideas on how to 
structure your questions:

The ‘experts’ call these prompts

The key takeaway is the multi-part 
structure to each prompt



Some reference sources
But at the current rate of change these are likely to be out of date…………….

Published Late 2026??



Questions?

Questions can be asked now, or 

Contact the presenter at:

patw@mosaicprojects,com.au 

mailto:patw@mosaicprojects,com.au
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